A new measure of between-studies heterogeneity in meta-analysis
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We recommend the use of R, as the preferred
measure for quantifying the impact of
heterogeneity

Its validity does not require the specification of

heterogeneity, 72, to the total variance of the effect
estimate, T2 + %, where ¢ is a summary of the
observed within-study error variances, v;. The latter
term, however, may substantially varies across studies
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which does notdepend upon the definition of o2.
Performances of the proposed measure are evaluated
through simulations studies.

A new measure of heterogeneity, Ry,

The new measure quantifiesthe contribution of 7% relative
to the variance of the pooled random-effects estimate, 3,

Table Il. Heterogeneity assessment in a re-analysis of 3 meta-
analyses

Simulation study

Different scenario simulations: true heterogeneity
measure =0.1, 0.5, 0.7; effect size B,. =1, 2, 4;
coefficientof variation of v;, CV,; = 0.5,1, 2; coefficient
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